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Background

* Autonomous vehicles (AVs) and human-driven vehicles (HVs) will mevitably

need to share public roads in the near future, leading to mixed traffic.

)

* Drivers may take different strategies to interact with AVs and HVs.

)

* It 1s necessary to take this difference into consideration when designing AV

control algorithms.
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Mixed Traffic Data Collection

» Drone-based Data Collection and Analysis
 HV-HV nteractions

e HV-AV interactions

e Behaviors of vulnerable road users
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Car-Following Behavioral Modeling
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AV Control Algorithms with HV Behaviours Considered
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